Introduction
Both micro level investor behavior as well as macro level stock market dynamics are research fields that are full of "puzzles" or unresolved research questions and therefore enjoy a strong interest of scholars and practitioners alike. On a micro level, aberrances in individual investor behavior are the subject of intense debate in e.g., behavioral finance (for an introductory overview of the field, see e.g. Nofsinger 2002; Schleifer 2000; Shefrin 2002; Shiller 2005) . On a macro level, the absence of (linear) autocorrelation, and the occurrence of fat tails and volatility clustering in asset returns distributions are often studied stylized facts (Cont 2001) .
Methodologically, there is a great heterogeneity in the techniques used to solve the above-mentioned puzzles. Surveys, case studies, laboratory experiments, and a plethora of statistical analysis are amongst the many methods that are used in this field. A relatively recent development in finance is the use of multi-agent simulation models as a research method (LeBaron 2000 (LeBaron , 2005 . The usage of multi-agent simulation models allows researchers both to make a coupling between the before identified micro and macro levels and to get a better understanding of the complexity that is often experienced in this field.
Investor behavior and related stock market dynamics are fields par excellence to observe complexity. Often, macro level outcomes, such as crashes and bubbles, "emerge". Interaction and nonlinearity in the micro level behavior of actors may cause these emergent phenomena. Small changes in the initial situation of a model or in the behavior of one or several interacting actors may lead to completely different outcomes on a macro level. Social simulation is a particularly appropriate tool in helping to explain the interactions between the micro and macro level of this complex behavior.
Background
A first step when using multi-agent simulation research to solve puzzles in finance is to formalize a limited number of micro level agent rules that, in the ideal situation, represent empirically found characteristics of investors' behavior. A population of investor agents is generated by the simulation model and these agents are provided with these rules. Subsequently, a number of simulation experiments are performed and finally, the macro level results (often in the form of stock price or returns time series) of these simulation experiments are compared with data from real stock markets in order to see to what extent real-life stylized facts are replicated.
In this paper, we continue the line of research of Hoffmann, Delre, Von Eije, & Jager (2005) . In that paper, the need to incorporate theories of social needs, social interactions and social networks of investors in finance research -as first introduced in Hoffmann and Jager (2005) -was argued for. The objective of the research program is to identify critical micro level factors that drive investors' behavior and to explain complex macro level phenomena that result from the aggregation and interaction of micro level investor behavior. An adapted version of the model of Day & Huang (1990) is explored, which can be seen as a simple nonlinear dynamical system. The power of this simple model resides in the fact that simple agent rules are able to generate non-linear dynamics like stock market price and returns time series. Without any news, e.g., in the form of noise, this model is able to capture a number of stylized facts that are often observed in financial markets, like volatility clustering. The interactions between fundamental and trend following agents alone is enough to generate these complex outcomes. In the next section, the model will be briefly described.
The Simulation Model
In the model, investors can follow either a more fundamentally based "rational" strategy (called the α-strategy) or a more socially based trend following strategy (called the β-strategy). The α-strategy is based on a comparison between the current market price p and a given long-run investment value u. Whenever the market price is below the long-run investment value, the α-investor buys. Whenever the market price is above the long-run investment value, the α-investor sells. When the market price equals the long-run investment value, the α-investor holds. This behavior is limited by a topping price M (set at 1.0) and a bottoming price m (set at 0.0). The β-strategy, on the other hand, suggests more socially oriented behavior. β-investors buy when they expect an upward price trend (whenever the current price p is above a given current fundamental value v) and sell when they expect a downward price trend (whenever p is below v).
